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Barriers to understanding how many
people use Al for mental health support: an
estimate and narrative review

M| Check for updates

Rebekah Bodner', Katherine Lim', Steven Siddals’, Simon Goldberg? & John Torous'

Reports suggest 3-70% of Al users utilize Al for mental health. A more precise estimate is needed to
guide public health policy, research, and to understand the limitations of producing an estimate. We
approximate that 27 % of Al users utilize Al for mental health support. However, we acknowledge that
heterogeneous data sources and a lack of nosology standardization confound estimates. Consensus
building will be key before better prevalence estimates are possible.

The recent surge in interest in artificial intelligence (AI) for mental health is
unmistakable. Widely cited popular press reports note that activities like
emotional support, companionship, and therapy may be the single most
popular use of A, and numerous academic editorials have noted a paradigm
shift in action'. Yet while there certainly is increased use and interest in Al it
is unclear exactly how many people are using it and for what. While there are
well-known cases of overuse, overreliance, and addiction that have been
reported in association with what is often reported as AI-psychosis and even
deaths by suicide, these more extreme cases are hopefully rare and not
representative of use patterns by the broader population. For the broader
population, actual use patterns and harms are not well established’. By some
estimates, only 3% of AI users may be using AI for mental health-related
support, and yet by others it may be as high as 70%™".

The rapid expansion of A, along with the impressive updates in clinical
potential, presents a challenge in assessing use patterns. Simply put, what Al
can do today is very different from what it could offer 12 months ago (and
presumably what it may be able to offer 12 months from now), and so the
use cases around therapeutic support will also be different. A further chal-
lenge to quantifying use patterns is the blurred lines between a therapeutic
conversation with Al and therapy itself”. While formal definitions of
therapy exist, they are less actionable with Al today as some chatbots may
already be delivering what is defined as therapy and yet denying such to
avoid regulatory scrutiny’. Others may be claiming to offer therapy and yet
not delivery evidence based. All chatbots will change and evolve so that even
if we could probe if they did or did not offer what is defined as therapy, such
an assessment may not reflect what the chatbot does tomorrow. Against this
challenge backdrop, there are reports that many Al users are turning to Al
for companionship, psychoeducation, and various degrees of mental health
support ranging from skills practice to perhaps even therapy-like
interactions”®. Assessing the actual interest and uptake is important to
assess how AT users are utilizing these tools, the extent of their reach, and the
scope of their potential health impacts. While the rapidly changing nature of

Al and the lack of definitions around mental health support delivered by AI
preclude a systematic review, this review offers a feasible and transparent
methodology to provide an initial estimate while outlining the barriers to
solve for achieving more precise estimates in the future.

Methods
Assessing the prevalence and use cases for mental health Al requires non-
traditional methods as there are no well-established definitions of mental
health AT and most reports and results are presented outside of the peer-
reviewed literature, with large companies like OpenAI and Google sharing
their Al research/results as blog posts. We thus used a snowball approach by
searching for the terms ‘Al for mental health’, ‘Survey of Al therapy use’, and
‘Al therapy’ in Google, Google Scholar, and PubMed on August 25, 2025.
We followed the references and citations of relevant papers in an attempt to
assess sources of Al use for mental health across both academic and non-
academic literature. Due to ADs rapid development and increasing adop-
tion, an updated search was conducted on April 20, 2026, using the same
snowball approach and search terms. See Table 1 for specific Inclusion/
Exclusion criteria. Of note, we excluded surveys conducted before January 1,
2024, given that changes in Al in the last 24 months make those prior results
less relevant for understanding how Al may be used today in early 2026.
Unfortunately, many AI use surveys do not follow scientific standards or
basic reporting methodology, and as such are often difficult to interpret and
preclude a search consistent with standard systematic review methods.
Any results reported in the popular press (ie., non-peer-reviewed
surveys of use), or data from scientific research studies found via these
search strategies and which fit our inclusion criteria were included in this
paper. The initial search conducted in August 2025 led to the screening of 61
papers from an original total of 27,000 records. After screening, only 13
records fit our inclusion criteria and were included in the final review. After
the updated search in April 2026, an additional 6 records were found to fit
the inclusion criteria and have been included.
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Table 1 | Inclusion and exclusion criteria

Inclusion

Exclusion

e Surveys conducted between January 1, 2024 - April 20, 2026

* Surveys measuring Al use for Mental Health support, emotional support,
companionship, wellness, and well-being

® Surveys including respondents from any age group

® Surveys measuring emotional support but calling it ‘companionship’

¢ Surveys conducted before January 1, 2024

® Preprints

® Survey data regarding Al use for romantic or sexual roleplay

® Surveys measuring use of Al for companionship but specific to romantic or
sexual relationships

® Surveys regarding use of Al for physical health only or combining data for
physical and mental health

e Surveys measuring Al use for “health”

Mental Health
Support

| 3
L TTTTTPPeN

Wellness Suport

Physical

wellness
and
Coaching

Fig. 1 | Terminology is categorized into three groups. Therapy, Emotional Support, and Wellness Support. All categories were considered to fall under the umbrella of

Mental Health Support. Figure created using Canva.

Given the already discussed limitation of a lack of standardized
nosology or even means to verify what aspects (if any) of therapy or well-
being support are being offered, we found that many of the surveys created
and followed their own definitions of Al use for mental health. Therefore, as
part of our methodology, we collected a list of terms that have been used by
the surveys identified in this paper and categorized them into groups (see
Fig. 1). We developed these groups based on the work of Siddals et al. and the
groupings characterized by Anthropic™’. Siddals et al. categorized Al uses
into four groups under the larger umbrella of ‘mental health’: Joy of Con-
nection, Emotional Sanctuary, The Al Therapist, and Insightful Guidance.
In addition, Anthropic created groupings which included the following as
‘mental health’: Companionship, Psychotherapy or Counseling, Inter-
personal Advice, and Coaching. Given that ‘companionship’ was often
defined by the surveys as a form of emotional sanctuary, “Joy of Connec-
tion” or “Companionship” has been merged with ‘Emotional Support’
under our groupings, Therapy, Emotional Support, and Wellness Support’.
We categorized papers/surveys based on this approach using these two
sources as models and also considered harm (if reported).

Additionally, due to the variety of survey methods, population types
sampled, sample size and specification of mental health uses, we present
broad summaries of the data in a standardized format in Table 3a-d.
Unfortunately, three papers/surveys varied in their methods to such an
extent that we could not code them or include them in the table. These
papers/surveys have been described separately in the results.

In addition to specific use cases, we examined willingness to use Al for
mental health as many surveys and results shared data on this topic. This
information can supplement the findings from actual use surveys, allowing

us to potentially elucidate a percentage range of Al users currently using Al
for mental health support and who may want to. The inclusion/exclusion
criteria used for the primary search were also applied to the willingness
search.

Results
Based on our inclusion criteria, we have listed the surveys included from our
search in Table 2.

The results of this study are presented in Table 3a, d. Mean use per-
centages were calculated for individual categories. For surveys in which
questions regarding Al use case were free response, the largest value that fits
as a mental health usage has been used in calculations.

Additionally, we present the weighted average for the estimated per-
cent population using Al for mental health, as shown in Fig. 2 below.

In addition to using percentages, we also investigated willingness to use
Al chatbots for mental health support (see Table 4).

Table 4. Willingness to use Al for mental health support. Surveys that
did not list time of survey conduction have been dated based on time of
publication and are listed with an (*).

Additional studies
Due to the variation in methods of measuring AI use for mental health, three
studies could not be coded for in Table 2, thus we present a discussion of
those two studies here.

Anthropic, the parent company of Claude chatbot, ran a 2025 study
using their collection of 4.5 million conversations users have had with
Claude’. Researchers first identified and flagged phrases and words that they
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determined would count as an “affective conversation.” Of 4.5 million, they
found 131,484 affective conversations with Claude. From this, they identi-
fied that 2.9% of all Claude conversations were affective.

OpenAl in collaboration with MIT, conducted a 2024 survey investi-
gating users' experiences with ChatGPT". The authors collected 4,076
responses, of which 2333 were power (frequent) users, and 1743 were
control (average) users. The authors then created classifiers (loneliness,

Table 3 | a Mean percent Use of Al for mental health by survey
sample size; b % Use of Al for Mental Health by population
type; c Use of Al by specific mental health use case; d Use of Al
for Mental Health by survey method

a

Sample size (n) Mean % use

0<1500 37%

1500 <5000 23%

5000 < 30,000 38%

b

Population type Mean % use
Youth 21%
University or Graduate Students 12.3%
Adults 36%

c

Use case Mean % use
Mental health 36.2%
Emotional 23.3%
support or mental health

Friend/Companionship 24.5%
Advice/Guidance 27.7%

d

Survey method (n = surveys included) Mean % use
Online Poll: unspecified or no identification procedure(14) 35.8%
Responder Identity Verified Poll (5) 19%

SurveyMonkey value of 23% was used for calculation. Any survey that reported a sample size has
been included in the calculations. Note, these percentages summed do not add to 100% because
individual surveys may not reference the same whole.

36% value from Norton survey and Internet Matters value of 23% were incorporated into the
calculation for youth. Samples were grouped into age demographics based on individual survey
classification of adulthood.

These percentages summed do not add to 100% because individual surveys may not reference the
same whole.

vulnerability, self-esteem, problematic use, and potentially dependent), for
which they would be able to identify which users perceived their con-
versations with ChatGPT to be emotional. The results show that of power
users, 218% reported using affectionate language with ChatGPT, <4.5%
expressed desire for feelings, and 5% sought support. These same values
among control users were <18%, <2.5%, and <12%, respectively.

A recent and widely read study was published by Harvard Business
Review in 2025'. The author of this study was contacted for more infor-
mation regarding the methodology of this study, and additional details of
the study were provided by personal communication. This study used
Reddit Forums to track and collect uses of AI for mental health. In this most
recent publication, the researchers noted that in 2025, mental health support
is the most common use case of Al

Harm

Among the surveys that measured or asked respondents about harmful
incidents with an AI chatbot, the most common concern and harm listed
was data security and privacy. Albikawi et al. conducted a survey in February
of 2025 and measured harm using a participant perception scale, which
found that data storage and data privacy were listed as concerns by parti-
cipants. Additionally, a study by Rousmaniere et al. noted that 9% of
respondents reported harm or inappropriate responses from an Al chatbot
and that in less than 1% of those cases did Al encourage harmful behavior. A
more recent survey conducted in the UK reported that of individuals who
use Al for MH support, 11% experienced triggering or worsening of psy-
chosis symptoms, 11% were given harmful information about suicide, 11%
felt more anxious or depressed after Al use, and 9% experienced triggering of
self-harm or suicidal thoughts''. An additional study also identified that
41.2% of respondents reported that a chatbot gave them wrong advice'”.
Three surveys also note concerns about privacy and security, with the
number of respondents reporting concerns ranging from 37-77%"".
Lastly, an additional survey mentioned that 27% of respondents expressed
concern about Al but did not clarify or define “concern” *“.

Discussion

While an exact estimate remains impossible, our review of the popular press
and academic literature on AI use for mental health suggests that ~27% of
Al users may already be turning to Al for support (weighted total, 30%
unweighted), and perhaps 40% are interested in and open to using it.
Despite limitations in arriving at such an estimate, our results indicate that
there is actual interest and use behind the current discussion about the
impact of Al on the mental health space. Overall, use of Al for mental health
appears to remain between 20-40% in sample sizes <30,000. Additionally,
our results demonstrate that of individuals who use AI for mental health,
24.5% choose friendship/connection, 27.7% list advice/guidance, and 23.3%

Fig. 2 | Estimated percent of population using Al for
mental health by participant type and sample size.
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Table 4 | Willingness to use Al for mental health support

Source Date # Surveyed (n) Population Type Willingness

YouGov* 2024 1500 Adults Britons 20% would feel comfortable using Al for MH

Albikawi, etal. Feb, 2025 176 Undergraduate Nursing Students in Northern 33% believe Al-driven therapy is most effective form of MH
Jordan counseling

Harris Poll* April, 2025 1076 US Adults 52% (18-34 yrs old) would use chatbot for MH, 54%,(34-54)

26% older adults
Just So Soul'*  2025* 3680 Generation Z > 70% willing to be friends with Al virtual people
Oliver* Jun-Nov, 2024  >25,000 People from 15 countries 25.6% would try generative Al therapy

Surveys that did not list the time of survey conduction have been dated based on the time of publication and are listed with an (*¥).

pick general emotional or mental support as the primary reason for using
Al for (see Table 3c¢).

Our results are derived from studies conducted across the world and
across a range of age demographics. Interest and use of Al appear high with
results from Australia, Canada, India, Indonesia, Jordan, the UK, and the US
suggesting the global nature of AI for mental health. We found that 21% of
youth are using Al for mental health. This is consistent with previous
research indicating that individuals of Generation Z are the largest popu-
lation of AT users'®”. While there is the strongest interest among younger
generations, there is a notable lack of data on older adults and people with
diagnosed mental illness. Extrapolating results of college students and
teenagers to these other populations is tenuous and highlights the need for
more targeted research exploring the interest and use of Al for older adults
and people with mental illness. Although other generations are not clearly
specified in most of the surveys, our research does, however, indicate that
~36% of adults using Al have, or are using it for mental health support (see
Table 3b).

Beyond results suggesting rates of Al use for mental health, our paper
highlights the fragmentation and decentralized nature of research on Al
uses for mental health. Without consensus on what mental health Al is and
what use entails, it will remain challenging to understand actual uptake and
engagement, as well as regulate and improve it. The lack of consensus on
basic metrics, for example, what engagement is, has significantly harmed the
credibility of the mental health app space and has raised issues for both
payers and users'®. The mental health Al field has an opportunity to avoid
similar mistakes by either unifying clear definitions of AI wellness vs Al
mental health support and what constitutes meaningful engagement".

Limitations and future directions

Data collection

As noted above, our results are limited by challenges around the available
data. Most surveys define terms like “Mental Health”, “wellness”, “com-
panionship” differently or not at all. For example, Anthropic defined
“affective conversations” as ranging from psychotherapeutic conversa-
tions, emotional support seeking, practicing conversational skills, well-
ness, and well-being, while another survey did not specify a definition of
“mental health”"’. A related issue for defining Al use for mental health is
that even users cannot agree on clear roles, with one study conducted by
OpenAl indicating that heavy AI users may be more likely than control
users to see ChatGPT as a ‘friend.” These data are in line with other
research which shows that generative AI use and its meaning vary by
cohort and generation *.

Survey methods also create barriers to interpreting our results. A lack
of consensus among definitions and sample demographics makes it
impossible to cross-check or compare the findings from one survey to those
of another. Most studies we reviewed were results of online samples or
social media-based polls, which do not verify human responders. This is
notable as recent research suggests that 30-50% of responses in such online
surveys may be Al bots, which raises issues around the veracity of these
sources'”. In addition to the novel challenges posed by a lack of consensus
around definitions of Al, classical research issues like selection bias with
many surveys recruiting on social media and smaller sample sizes that may

not generalize make it difficult to develop a single, representative number
of AT usage among the public.

Because of the limitations of the data on mental health Al as discussed
above, a systematic review was not possible. Additionally, given the rapidly
evolving nature of Al there are likely papers that have been published since
the writing of this work. For example, OpenAl recently released a paper that
states that only 1.9% of ChatGPT conversations were about “relationships
and personal reflection,” while Anthropic also published a report in Sep-
tember, citing “personal relationship advice and life guidance” are over-
represented in the United States by 1.34x'®”. As data continue to
accumulate in this area, it is very likely that prevalence estimates will change,
as well as the data summarized here (use, willingness, and harm).

Terminology and research
As discussed already, a core limitation of this study was the lack of consensus
of what ‘mental health support’ means or looks like in practice. Although
there are broad definitions of mental health support published by interna-
tional health organizations such as the World Health Organization, there is
no one definition that is universally understood or used in the AI mental
health realm®. Because of this, it is impossible to identify what definition of
‘mental health support’ survey authors intended when writing survey
questions and what definition responders intended when answering ques-
tions. Thus, this review is limited in scope and ability to compare survey
responses, further highlighting the difficulty in deducing a single value for
how many AI users are using Al for mental health support. These issues
exemplify the pressing need for a standardized meaning of mental health
support and scientific research on Al chatbot use cases.

Finally, it is important to note that given the fast-moving nature of AI
development, it is possible that new survey data have been published since
our search was conducted.

Conclusion

The numerous issues discussed in this review, such as bot responses, no
standardized polling method, and lack of consensus on an operationalized
definition of mental health support, notwithstanding, a current estimate
based on the available data suggests that ~27% of individuals who use AI
have used it for mental health support. While our data is complex to
interpret because of the aforementioned challenges, the expanding interest
in AT uses for mental healthcare indicates its potentially broad reach and use.

Data availability
Data collected and used as presented in Tables 2 and 3 a-d are accessible via
the provided DOIs listed in the references.
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